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CPU Intel Xeon Skylake 2 /7 v b x20 a7
2.4GHz Gold 6148 150W

GPU NVIDIA Tesla V100 16GB

Storage M2.SSD | 290GB read 0.87GB/s, write 1.75GB/s

Memory 192GB DDR4 2666MHz

Python 3.50

CUDA 9.2
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