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KK | A man on his own | No problem

(VN Behavior appropri- | True nature or ap-
ate for the occasion | pearance

P A A vehicle that runs | A railway vehicle
on the road by en- | powered by steam
gine
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AR Putting leaves into | The initial stage of
the mouth something
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K:Means Clustering of Combined Chinese and Japanese Sentence Vectors with 352 Clusters
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