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F 1 FEBHR (STS 22 2)

Model STS12 STS13 STS14 STS15 STS16 STS-B SICK-R Avg.
SimCSE 66.07 79.99 71.14 78.91 7774 75.16 69.39 74.06
+GS-InfoNCE(GS) 67.24 81.41 73.05 79.21 78.38 75.30 69.59 74.88
ours[+adversarial examples(ae)] | 68.88  82.15  73.71  80.97  79.13 77.98 69.71 76.08
ours[+GS+ae] 66.78 79.49 72.00 79.46 78.80 76.02 70.28 74.69

F 2: MEEMEDOEVIC X B cos HMEOZEL

Sentence examples oG e cos JEMUE
A boy is riding a horse. DT NN VBZ VBG DT NN —
A girl is riding an elephant. DT NN VBZ VBG DT NN 1
Two boys are riding a horse. CD NNS VBZ VBG DT NN 0.99999
A boy rides a horse. DT NN VBZ DT NN 0.99992
A young boy is riding a horse. | DT JJ NN VBZ VBG DT NN 0.99986
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