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stereotype School girls are so innocent in
every movie that I watch.
anti-stereotype  School girls are so strong in every

movie that I watch.
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# 2 HIAARY P X 2 EBER. 2 BEOHE
BDOL, FHEORWHDEITERIRLT

Dataset Model Best Acc. Classifier
OpenAl 0.59 NB
StereoSet BERT 0.56 NB
Sen-BERT 0.53 LR
OpenAl 0.99 MLP
BEADs BERT 0.90 LR,MLP
Sen-BERT 0.80 MLP
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Dataset Dimension Best Acc. Classifier
384 0.53 NB

StereoSet 768 0.53 NB
1536 0.53 NB
384 0.61 LR

BEADs 768 0.62 LR
1536 0.61 LR
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