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2.1 NNAPI(Android Neural Networks API)

NNAPI & % Android 7 /81 A b CHBE AR D E WD
bR LB & AT 9 5 7= D12 3% EH & 17z Android C
APl TH 5 [1]. ZDAPI ZHHT 5 LT, ICHEHEA
JLFR % 479 B BT Android SR L ORI A REZR K
BuwiEttge 7oy b 2MHT 52 2D TE 5.
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X 1: MRAFFEERIGDE T IV OFEE

Type / Stride Filter Shape Input Size
A Conv/s2 3Xx3x3x32 224 x 224 x 3
Conv dw / sl 3 x3x32dw 112 x 112 x 32
Conv /sl 1x1x32x64 112 x 112 x 32
Conv dw /52 3 x 3 x 64 dw 112 x 112 x 64
Conv /sl 1x1x64x128 56 x 56 x 64
Conv dw /sl 3 x 3 x 128 dw 56 x 56 x 128
Conv /sl 1x1x128x 128 56 x 56 x 128
Conv dw / s2 3 x 3 x 128 dw 56 x 56 x 128
Conv /sl 1 x 1 x 128 x 256 28 x 28 x 128
Conv dw / s1 3 x 3 x 256 dw 28 x 28 x 256
Conv /sl 1 x 1 x 256 x 256 28 x 28 x 256
Conv dw /52 3 x 3 x 256 dw 28 x 28 x 256
Conv /sl 1 x 1 x256 x 512 14 x 14 x 256
5 Convdw /sl | 3 x3x512dw 14 x 14 x 512
Conv /sl 1x1x512x 512 14 x 14 x 512
Conv dw /52 3 x 3 x512dw 14 x 14 x 512
Conv /sl 1x1x512x1024 | 7x7x512
Conv dw / s2 3 x 3 x 1024 dw 7Tx7x1024
B Conv/sl 1x1x1024 x 1024 | 7x 7 x 1024
Avg Pool / s1 Pool 7 x 7 7 x 7 %1024
FC/sl 1024 x 1000 1x1x1024
Softmax / s1 Classifier 1 x 1 x 1000

X 2: MobileNet D [6]
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ZPE L, ZDEF I % TensorFlow Converter % {i i
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Pixel4 Pixel5 POCO F2 Pro
OS Android 12 | Android 11 | Android 10
SoC(Snapdragon) || 855 765G 865
A€ 6 GB 8 GB 8 GB
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Model number Pixel4 Pixel5 POCO F2 Pro
NNAPI KAF I || 16203.4 | 16697.2 | 13664.8
NNAPI {5 FH ¥ 5660.83 | 13826.7 | 6593.78
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WEBOEBE TS ETINDOERLZIT 572, Tensorflow
Lite /L, NNAPI 7V 7 — b2 &K ETHI & T
NNAPI Z {35 L5 L 7.

5 FEHESKBRDEREE

AR TIX, E/31 )L (Android) S KIAF D 75 1 N
ZEE U7 HEE DO RWWKERDIZ S 1 B {E A H O i
RBMETIVEBETLIFHELLT, EXNMLERLT
BAAMBLHEET LT 7A v Fa—= v T %21T5
FiEEREL.

F72, ENA VIR ECEITARZETIVOEREIZE
W, EHAZ%IEET %8 Tl Android Neural Networks
APl 2R 5 L FHAEW LT5Z 2R U7,
S OB, Android ¥k ECTETHRERET LD
FERTHZETHD. 41 FEDHIE2 DFHEIHKE,
HEEEIT O OEEEITS. FERBITFER
EDEHIZIT, EEHEPETFTIVORELZIT> TV
VW EZTWS,

& 3

[1] Android Neural Networks API — Android De-
velopers, https://developer.android.com/
ndk/guides/neuralnetworks.(H ¥ 7 27 & &
2020/01/05).

[2] Xiang, Qian, et al. ’Fruit image classification based
on Mobilenetv2 with transfer learning technique.”
Proceedings of the 3rd International Conference

on Computer Science and Application Engineering.
2019.

[3] Howard, Andrew G., et al. "Mobilenets: Effi-
cient convolutional neural networks for mobile vi-
sion applications.” arXiv preprint arXiv:1704.04861
(2017).

[4] Russakovsky, Olga, et al. "Imagenet large scale vi-

sual recognition challenge.” International journal of
computer vision 115.3 (2015): 211-252.

[5] "Dogs vs. Cats” dataset, https://www.kaggle.
com/c/dogs-vs-cats/data(ix ¥& 7 27 & A
2020/01/05)

[6] [3] ® Table 1 & b #Ei#k

(71 87—~ v ZA#lE — TensorFlow Lite
https://tensorflow.google.cn/lite/

performance/measurement(fx & 7 7 & A
2020/01/05)



